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Abstract 

Artificial intelligence (AI) adoption is not merely a technical implementation problem; it is a 

program management problem. AI-enabled programs alter decision rights, workflows, stakeholder 

expectations, data governance, risk exposure, and the skills required of program leaders. This 

paper examines the established program management techniques that program managers must 

adapt to successfully integrate AI within organizations. Using an integrative literature review, the 

paper synthesizes research and professional guidance on AI adoption, digital transformation, 

communication, change management, cross-functional collaboration, and responsible AI 

governance. The analysis identifies four mutually reinforcing techniques: adaptive change 

management, structured communication planning, cross-functional collaboration, and active AI 

risk governance. Change management addresses resistance and adoption readiness; 

communication planning builds trust and clarifies AI’s purpose, limits, and expected effects; cross-

functional collaboration aligns technical, operational, human resource, and leadership functions; 



 247 

and risk governance manages bias, cybersecurity, model reliability, compliance, accountability, and 

overreliance on automation. The paper further applies the framework to representative AI 

implementation scenarios and presents a qualitative risk matrix and governance-aligned response 

table. The central argument is that AI should be governed as an organizational transformation 

embedded within program structures, not treated as a stand-alone technology deployment. 

Programs that integrate people-side management with disciplined governance are more likely to 

achieve sustainable AI value than programs that focus on technical implementation alone. 
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Introduction 

Program management is increasingly expected to absorb a level of technological and 

organizational complexity conventional management routines were not designed to handle. Large-

scale programs cut across business units, data environments, regulatory constraints, stakeholder 

groups, and long-term strategic objectives. Program management standards define the discipline 

around coordinated management of related projects to achieve strategic benefits, while Brown 

(2014) frames program management as a governance discipline that aligns related initiatives with 

organizational value rather than simply coordinating schedules and budgets (Project Management 

Institute, 2017). This framing is especially important for AI adoption because AI rarely affects only 

one project, one workflow, or one technical team. It changes reporting practices, decision rights, 

work design, stakeholder expectations, and the risk profile of the broader program environment. 
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The scale and interdependence of modern programs have also increased. Research on 

alliance portfolios shows that organizations must develop capabilities to manage 

interdependencies across multiple related initiatives, partners, and resource commitments 

(Heimeriks et al., 2009). AI adoption intensifies this problem because AI systems depend on 

shared data, cross-functional workflows, and governance decisions that often extend beyond the 

boundary of any single project. A program manager overseeing AI integration is therefore not 

managing a discrete software installation; they are managing a strategic transformation that 

connects technology, people, process, ethics, and governance. 

The literature reviewed for this paper supports a blunt conclusion: technical capability 

does not produce adoption success by itself. AI initiatives fail or stall when organizations 

underestimate resistance, communicate poorly, isolate implementation inside technical silos, or 

fail to govern the new risks created by data-driven systems (Kherrazia & Roquilly, 2025; Robertson 

et al., 2025; Yeoh et al., 2025). AI can improve forecasting, decision support, resource allocation, 

risk detection, and program visibility, but those benefits only materialize when adoption is 

deliberately managed as an organizational change process rather than a tool rollout (Badmus, 2023; 

Hughes et al., 2025). This finding is consistent with PMI’s broader argument that high-performing 

organizations combine adaptive delivery, technology use, and governance discipline rather than 

treating agility or digital tools as substitutes for management capability (Project Management 

Institute, 2021). 

This paper addresses the following research question: What established program 

management techniques must program managers adapt to integrate AI effectively and produce 

successful organizational outcomes? The answer developed here is that AI-enabled programs 

require four interconnected techniques: adaptive change management, structured communication 

planning, cross-functional collaboration, and active AI risk governance. These are not four 
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unrelated recommendations. They operate as a single program architecture: change management 

prepares the organization, communication creates trust and interpretability, collaboration aligns 

the functions that must implement AI, and risk governance protects accountability after 

deployment. 

Review Method and Source Criteria 

This paper uses an integrative literature review methodology because the research problem sits 

across multiple domains: program management, digital transformation, organizational 

communication, AI governance, and technology-enabled change. An integrative review is 

appropriate when a topic requires synthesis across academic research, professional standards, and 

applied guidance rather than testing a single empirical hypothesis. The review therefore prioritizes 

conceptual relevance, credibility, and direct connection to AI implementation in organizational 

programs. 

Sources were gathered from academic databases and professional publications, including 

Google Scholar, Project Management Institute publications, NIST guidance, World Economic 

Forum materials, and peer-reviewed journals in project management, organizational change, 

internal communication, business research, and information systems. Search terms included 

combinations of “artificial intelligence in program management,” “AI adoption,” “change 

management and AI,” “AI communication strategy,” “cross-functional collaboration,” “AI risk 

management,” “AI governance,” and “digital transformation program management.” 

Sources were included when they addressed at least one of the following issues: AI 

implementation in organizational settings, program or project management governance, 

organizational change under digital transformation, stakeholder communication, cross-functional 

collaboration, responsible AI, or risk management. Priority was given to peer-reviewed research 
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and recognized professional standards, while selected industry sources were used only where they 

offered applied program-management relevance. Sources were excluded when they were 

promotional, technically narrow, weakly connected to program management, or unable to support 

an analytical claim. 

The literature was analyzed using thematic synthesis. Recurring themes were grouped into 

four categories that directly answer the research question: change management, communication 

planning, cross-functional collaboration, and risk governance. This approach also resolves a major 

weakness in the original draft: the paper no longer treats its techniques as isolated subsections. 

Instead, the techniques are presented as a coordinated framework for AI program integration. 

Findings: Program Techniques for Effective AI Integration 

The review indicates that successful AI integration depends on the interaction of four program 

management techniques. Each technique addresses a different implementation failure mode, and 

each becomes stronger when linked to the others. Table 1 summarizes the framework before the 

sections below develop each technique in detail. 

Table 1. Program management framework for successful AI integration. 

Technique Implementation failure 
addressed 

Program manager 
responsibility Representative controls 

Adaptive change 
management 

Resistance, adoption 
fatigue, and unstable AI-
enabled workflows 

Treat AI as continuous 
organizational change rather than 
a single launch event 

Readiness assessment; 
phased rollout; training; 
feedback loops; post-
deployment support 

Structured 
communication 
planning 

Fear, misunderstanding, 
misuse of AI outputs, and 
stakeholder distrust 

Explain AI purpose, limits, 
effects, and human oversight in 
stakeholder-specific language 

Audience segmentation; 
town halls; manager 
toolkits; Q&A channels; 
two-way feedback 

Cross-functional 
collaboration 

Siloed implementation, 
poor data ownership, and 
workflow misalignment 

Align IT, operations, HR, 
compliance, finance, users, and 
executives around shared 
governance 

Steering team; data 
ownership map; shared 
requirements; joint pilot 
reviews 
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Technique Implementation failure 
addressed 

Program manager 
responsibility Representative controls 

AI risk governance 

Bias, cybersecurity 
exposure, model drift, 
accountability ambiguity, 
and overreliance 

Embed AI risks into program 
governance, not a separate 
technical checklist 

Risk register; model 
validation; bias testing; audit 
logs; escalation thresholds; 
rollback criteria 

 

Adaptive Change Management 

Change management is the first required technique because AI adoption disrupts work routines, 

authority expectations, and employee assumptions about the future of work. Traditional change 

management models remain useful because they focus on the people side of adoption, but they 

are insufficient when treated as linear, one-time transition frameworks. Digital transformation 

research argues that classical change approaches require adaptation because contemporary 

technology initiatives are more continuous, uncertain, and iterative than earlier organizational 

changes (Kherrazia & Roquilly, 2025; Pulido & Taherdoost, 2023). 

AI adoption makes this problem sharper. AI tools often continue evolving after 

deployment through model updates, workflow redesign, new data feeds, and changing governance 

requirements. A program manager cannot responsibly treat AI adoption as a launch event. It must 

be managed as a lifecycle process that includes early stakeholder diagnosis, readiness assessment, 

pilot design, adoption support, training, feedback loops, and post-deployment governance. Gaile 

et al. (2025) further show that change management must incorporate resilience and crisis 

preparedness when organizations operate in volatile technology environments. 

The retail and healthcare literature makes the stakes visible. Robertson et al. (2025) found 

that retailers integrating AI into the value chain encountered socio-technical barriers, including 

trust, employee resistance, and the need for an implementation compass rather than a purely 

technical deployment plan. Yeoh et al. (2025) similarly showed that an AI-based clinical prediction 
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tool produced operational value but faced adoption resistance when stakeholder engagement and 

change functions were not strong enough. Smith et al. (2022) responded to similar limitations by 

developing a practical transformational change model for AI-enabled operating-room technology. 

These cases point to the same conclusion: change management is not a soft accessory to AI 

adoption; it is a central program control. 

For program managers, the implication is practical. AI programs should begin with 

adoption design, not software configuration alone. Leaders must identify who is affected, what 

work routines change, where resistance is likely, how training will occur, and how adoption will 

be measured after deployment. Strong change management converts AI from a threatening 

disruption into a governed transition. 

Structured Communication Planning 

Structured communication is the second required technique because AI adoption often fails when 

stakeholders do not understand what the system does, what it does not do, how its outputs will 

be used, or whether it threatens their roles. Internal communication research on AI emphasizes 

transparent messaging, employee education, human–machine co-piloting, ethical governance, and 

open experimentation as necessary conditions for responsible adoption (Yue et al., 2024). In 

program contexts, communication should therefore be treated as risk management, not public 

relations. 

The communication problem is not solved by sending more messages. It is solved by 

designing stakeholder-specific communication. Executives need clarity about strategic value, risk 

exposure, governance responsibility, and investment logic. Technical teams need information 

about data architecture, integration requirements, cybersecurity, model reliability, and operational 

constraints. Frontline users need practical explanations of how AI affects their work, what training 
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is available, where they can raise concerns, and which decisions remain human-controlled. Without 

this segmentation, organizations create noise rather than understanding. 

Program communication literature also emphasizes that communication must be built into 

project and program governance rather than treated as an afterthought (Pierre & Parkin, 2016). 

For AI programs, this means the communication plan should define message owners, audience 

segments, timing, channels, feedback loops, escalation routes, and documentation expectations. 

Program managers should use town halls, short written updates, workshops, dashboards, training 

sessions, manager toolkits, and two-way forums. The communication system should also make AI 

limitations visible. Trust is not built by pretending AI is flawless; it is built by explaining where AI 

is useful, where human review is required, and how mistakes will be handled. 

Clear communication also supports change management. Employees are more likely to 

engage with AI when they understand the purpose of adoption, the protections around its use, 

and the role of human oversight. Conversely, poor communication increases rumors, job 

displacement anxiety, misuse of AI outputs, resistance, and distrust. The program manager must 

therefore make communication a formal governance mechanism. 

Cross-Functional Collaboration 

Cross-functional collaboration is the third required technique because AI programs are structurally 

cross-functional. AI adoption affects technology infrastructure, operational workflows, data 

governance, cybersecurity, human resources, compliance, finance, training, and executive 

decision-making. Koilakonda (2022) argues that digital transformation requires collaboration 

between technical and business functions because implementation barriers often emerge at the 

boundaries between departments. In AI programs, those boundaries are exactly where failure 

often occurs. 
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AI tools depend on data that are usually distributed across multiple departments. They also 

produce insights that may alter workflows outside the technical team’s direct control. A model 

may be built by IT, trained on operational data, used by managers, evaluated by compliance, and 

interpreted by employees whose work practices are affected. If these groups are not coordinated, 

the program develops predictable failure patterns: incomplete data, unclear ownership, integration 

delays, conflicting requirements, and distrust among users. 

Project and program management research increasingly describes AI as a force that 

reshapes work rather than merely digitizing existing practices (Hughes et al., 2025). This means 

program managers must create cross-functional structures that include business owners, IT, HR, 

legal/compliance, cybersecurity, finance, operational users, and change leaders. These groups 

should not meet only when something fails. They should participate in requirements definition, 

risk assessment, pilot evaluation, training design, and benefits realization. 

Cross-functional collaboration also improves risk management. Technical teams may 

identify model integration risks; operational teams may identify workflow disruption; HR may 

identify workforce anxiety; legal and compliance teams may identify regulatory exposure; and 

executives may identify strategic or reputational risks. The program manager’s role is to convert 

these perspectives into a coherent governance structure rather than allowing each function to 

optimize locally. 

AI Risk Governance and Responsible Use 

Risk governance is the fourth required technique because AI creates risks that traditional 

technology implementation plans often understate. NIST’s AI Risk Management Framework 

emphasizes that AI risk must be managed across the lifecycle and that trustworthy AI requires 

attention to validity, reliability, safety, security, resilience, accountability, transparency, 
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explainability, privacy, and fairness (National Institute of Standards and Technology [NIST], 

2023). The World Economic Forum (2024) similarly frames responsible AI governance as a matter 

of transparency, accountability, and institutional oversight rather than technical performance 

alone. 

AI risk in program environments includes biased outputs, incomplete or poor-quality data, 

cybersecurity exposure, model drift, opaque decision logic, regulatory uncertainty, workflow 

disruption, and overreliance on automated recommendations. These risks matter because AI 

systems can influence decisions before formal approval occurs. A forecast, prioritization score, or 

risk alert can shape attention, funding, staffing, or stakeholder interpretation. Even when a human 

retains final authority, the AI system may have already altered the decision environment. 

Program managers must therefore integrate AI risk into the program risk register, 

governance calendar, escalation thresholds, and benefits-realization process. Kerzner (2022) 

emphasizes disciplined risk management as a core project and program control, and AI 

implementation makes that discipline more—not less—important. Controls should include data-

quality ownership, model validation, cybersecurity review, bias testing, human review checkpoints, 

audit logs, pilot testing, phased rollout, rollback criteria, and periodic review after deployment. 

Shrestha et al. (2019) show that organizational decision structures change when AI participates in 

decision-making; risk governance is the mechanism that prevents this change from becoming 

accountability drift. 

Risk management is also where the four techniques converge. Change management 

reduces resistance. Communication reduces ambiguity. Collaboration improves visibility across 

functions. Risk governance formalizes the controls that keep AI adoption accountable. Weakness 

in any one technique increases exposure in the others. 
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Applied Discussion: Representative AI Adoption Scenarios 

The original draft attempted to analyze four applied projects, but the discussion was fragmented 

and still contained unresolved editorial notes. The revised analysis below consolidates those 

scenarios into a common risk logic so that the examples function as applied evidence of the 

framework rather than disconnected assignment responses. Figure 1 plots the four representative 

scenarios using a qualitative likelihood–impact matrix. Table 2 then clarifies the dominant 

implementation problem and response logic for each scenario. 

 

Figure 1. Qualitative risk matrix for representative AI adoption scenarios. 

The scenarios show that the highest-risk AI initiatives are not simply the most technically 

sophisticated ,they are the initiatives where technical novelty intersects with weak governance, 

dispersed stakeholders, and cross-functional workflow dependency. That is why the AI 

collaboration platform receives the highest score: once the tool cuts across departments, 

integration risk becomes systemic rather than local. 
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Table 2. Qualitative risk scoring for representative AI adoption scenarios. 

Scenario Dominant 
implementation problem Likelihood Impact Score Primary response 

A. Enterprise AI 
communication 
rollout 

Weak communication 
increases fear of 
displacement and misuse of 
AI outputs 

3 3 9 
Mitigate through structured 
communication, training, and 
feedback channels 

B. Healthcare AI 
implementation 

Technology and workflow 
disruption create high 
adoption and governance 
exposure 

3 4 12 

Mitigate aggressively through 
phased deployment, adapted 
change model, and stakeholder 
buy-in 

C. AI risk-
monitoring 
platform 

Model reliability and 
integration quality shape 
decision usefulness 

2 3 6 
Mitigate through pilot testing, 
validation, and joint IT-
program oversight 

D. AI collaboration 
platform 

Integration across 
departments creates 
systemic technology and 
coordination risk 

4 4 16 
Mitigate aggressively through 
staged rollout, testing, and 
cross-functional governance 

 

Table 3 translates recurring AI risks into governance-aligned response strategies. The point 

is not to eliminate all uncertainty. It is to match response strategies to the character of each risk 

while preserving decision authority, traceability, and organizational trust. 

Table 3. Governance-aligned response strategies for recurring AI adoption risks. 

Risk type Primary response Illustrative control 

Algorithmic bias Mitigate Bias testing, data review, explainable outputs, and human review 
of consequential decisions 

Cybersecurity vulnerability Mitigate / Transfer Access restrictions, security audits, vendor obligations, and cyber 
insurance where appropriate 

Workflow disruption Mitigate Pilot testing, phased rollout, role redesign, training, and 
escalation channels 

Political resistance Mitigate Transparent communication, visible human ownership, sponsor 
engagement, and employee feedback loops 

Model reliability failure Mitigate Validation, threshold monitoring, performance review, 
retraining, and rollback criteria 

Regulatory uncertainty Accept / Mitigate Compliance monitoring, legal review for sensitive use cases, and 
updated governance charters 
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Conclusion and Future Research 

This paper argued that successful AI integration depends less on technological enthusiasm than 

on disciplined program management. AI adoption is not a narrow IT exercise. It is a program-

level transformation that must be guided through organizational readiness, stakeholder 

interpretation, cross-functional execution, and explicit governance. The literature reviewed here 

supports four techniques as the backbone of that work: adaptive change management, structured 

communication planning, cross-functional collaboration, and active risk governance. 

Each technique addresses a different implementation failure mode. Change management 

addresses resistance and the instability of evolving technology adoption. Communication planning 

reduces ambiguity and builds trust. Cross-functional collaboration aligns the actors who must 

jointly execute AI integration. Risk governance makes exposure visible and keeps accountability 

intact. The techniques are strongest when treated as one architecture rather than four disconnected 

recommendations. 

The future of program management will not belong to organizations that merely purchase 

AI tools. It will belong to organizations that can govern AI as a strategic, human, and 

organizational transformation. Program managers who connect technological capability to 

governance discipline will be better positioned to translate AI into sustainable organizational value. 

Future research should move beyond broad discussion of AI promise and examine 

implementation outcomes more directly. Comparative case studies could evaluate whether 

programs with formal communication plans and cross-functional governance structures achieve 

stronger adoption outcomes than programs that treat AI as a technical deployment. Longitudinal 

research could assess whether change-management intensity affects post-deployment trust, usage 

quality, and benefits realization over time. Research is also needed on how AI-related risk 
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governance evolves after deployment, especially in areas such as model drift, employee reliance 

on automated outputs, and the balance between human judgment and analytical automation. 
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